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Bioequivalence (BE) is usually assessed using clinical BE studies. For each sample size and each Test/Reference (T/R) ratio: GMR values increased in line with the T/R ratios, showing that:
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The flow chart represents a single population consisting of “n” subjects with three Test/Reference (T/R) ratios, simulated over “j”
simulations. sim j denotes the “j” number of simulations conducted in the analysis. A Th k h h MBBE b . I t d . P .
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